CAREER Decision Procedures for ngh-Assurance
Al—controlled CPS

PI: Yasser Shoukry — University of California, Irvine CPS Lab
e esilient
Award ID#: 2002405

Objectives: ' Assured NN Perception using Geometry-
based Generative Models (GGMs):

- Develop scalable formal methods to reason
about the safety and reliability of Learning
Enabled CPS.

- Characterize the environments for which LE-
CPS are not safe to operate. ke AvaimEra e TE) = L)% LD
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Outreach and Education:

- Undergraduate student (Valen Yamamoto) wins
the ACM SIGBED Student Research Competition.

- Lead elementary/middle school teams to win the
Other objects do not appear in the
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Theorem (Informal Version) r \
Other objects can not be generated by the
Given same geometric generative model,

. Acamera image: | (&) =I1.(¢) + I, (§) i.e., other objects do not look like the

 Partitioning of the state space: :,1 ) l target object.
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