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J Motivation

* Wearable exoskeleton: Great potentials in rehabilitation and industrial applications but needs intuitive control interfaces.
* Machine learning techniques: Enable safe and effective operation of human-exoskeleton systems in highly variable, dynamic environments.
* Brain-computer intetfaces (BClIs): Direct link between brain activity and exoskeleton control, leading to a natural and intuitive control interface.
* Real-time shared control: A novel control approach that combines EEG or IMU data, leveraging the temporal and spatial dependencies of the human
brain and body.
[ Objectives

* Develop an integrated, multidisciplinary approach to bring the above-mentioned emerging technologies to individuals to enhance the human-exoskeleton
interaction experience and improve human safety, health, and productivity.
* Initiate and develop US-India collaborative research on the BCI-enhanced exoskeleton control
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