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Qualitative results of generation

RealGen achieves better realism than other retrieval-based baselines.

Distance matrix: similar scenarios have low distance score while
different scenarios have high distance score.

Method 1: Data-driven generation

1. Safety-critical Scenarios are extremely rare but important

Method 2: Adversarial Generation

Method 3: Knowledge-based Generation

• Directly sample from the dataset to 
reproduce the real-world log

• Use density estimation models to learn 
the distribution of scenarios

• Build a game between self-driving car and
scenario generator.

• Actively creates risky scenarios by 
attacking the autonomous driving system.

• Use human expert knowledge to
make scenario realistic

• Inject traffic rules and physical laws.


