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@ Goal: Select important words ;L x X, %, X, X= x5 % Xs %o o
@ The proposed scoring functions have the following properties: X = this film has a special plcae in  my herat F Y =
@ Correctly reflect the importance of words
© Black-box
© Efficient to calculate.
T

Step 2: Ranking and tra nsformatiOn This is|definitely my favorite restaurant — Model & 0 g74 Black_bOX perturbathn
@ Calculate the scoring function for all words in the input once. baSEd SCO r|ng fu nCt'OnS

This is [UNK] |my favorite restaurant 4 Model = 0.395
@ Rank all the words according to the scores.
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@ Aim |l: Control the edit distance of the modification

e Results https://github.com/QData/deepWordBu
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python attack.py —--data [0-7] --model [modelname] —--modelpath [modelpath] —--power [power] —--scoring [algor % 60
0.8 0.8 ——transformer [algorithm] —--maxbatches [batches=20] —-batchsize [batchsize=128] ### Generate DeepWordBug a E
L

#--modelpath [modelpath] #Model path, stored by train.py

#-—-scoring [combined, temporal, tail, replaceone, random, grad] # Scoring algorithm

#-—transformer [swap, flip, insert, remove, homoglyph] # transformer algorithm

#i——power [power] # Attack power(integer, in (@,30]) which is number of modified tokens, i.e., the edit dis

#-—-maxbatches [batches=20] # Number of batches of adversarial samples generated, samples are selected rand

# Since some test dataset is very large, to evaluate the performance we add this parameter

# to generate on parts of data. By default it will generate 2560 samples. LSTMA1 BiLSTM1 LSTM2  BIiLSTM?2
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