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nighttime trial. Creating field units to incorporate video capture
and a closed-loop deterrent strategy

Color coded spatio-temporal feature images are used to classify certain behaviors

Continuing Development Education Outreach Community Impact

e Past Field Trials

o Simple light based bycatch reduction technology
(BRT)

o Shown effective with a significant reduction of
bycatch (65%).

O Renewably powered allowing devices in-the-field
to still be operating.

e Interdisciplinary Research T N > Field Research
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