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" Accurate and real-time detection of distraction- Comparison with Existing CAR Models . .

related actlerles Using multl.-sensor data obtained Support Vector Machine (SVM), Decision or Classification Trees (DT), Random s l————————————|  Hierarchical CAR approach increased
from pedestrian mobile devices, for example, Forests (RF), Naive Bayes (NB), k-Nearest Neighbors (k-NN) [2,3]. Ace o | accio DFAM accuracy to 77-89%
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" Generalize the problem of detecting pedestrian using smartphone, or drinking while Comparative performance of all CAR models
distractions as a concurrent activity recognition (or climbing stairs, walking or running. Publications & Future Work
CAR) problem. m 22 participants with smartphone on the = N. Vinayaga-Sureshkanth, A. Maiti, M. Jadliwala, K. Crager, J. He,

" Design and train an efficient CAR model that wrist and a paired smartphone in their and H. Rathore, “Towards a Practical Pedestrian Distraction
employs inertial or motion sensor data from front trouser pocket. ! ! \ goeizctlon Framework using Wearables”, submitted to IEEE PerCom,
multiple mobile devices to recognize concurrent = 4 smartwatch—smartphone placements. = |ntegration of DFAM with an on-device and cloud based accident
pedestrian activities (distracted + non-distracted). = ) different smartwatches. prevention framework and evaluation using a large-scale testbed.
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