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TSP with Time-Windows
' Each customer Is equipped with a
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Given N sities located at {x;: 1 < i < N}, find K facility
locations {y;: 1 < j < K} such that distance of a site i to

Its nearest facility j I1s minimized
DA addresses optimal resource allocation as
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Results and Comparisons

Comparlson b/w SA and DA solutions for mTSP
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Manipulation and sensing using optical fields demand control with resource

allocation constraints

The control problems are studied In the spirit of the TSP with time-windows and Its
variants thereof

A Deterministic Annealing (DA) based algorithm Is proposed to incorporate several
resource allocation constraints
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