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| Rigid (E) The experiment process: 1. Grasping the object, 2. lifts and holds the - Improving grasp parameter estimation is one step towards the actual
(C) The robot finger: Plastic object in air, 3. continues to lift the object until external force is activated and goal of grasp stability prediction
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- Pure end-to-end black-box machine learning and pure physics-based complexity/generalizability benefits of low-complexity learning.
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