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Main Results:
*Previous literature focuses on analytical results for wind producer bidding with exogenous deviation

penalties (Bitar et. al, 2012).As we will show, this suggests more conservative bidding by wind power

producers and worse results in terms of system efficiency and risk. , , , _ - _ _ ,
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Computational results (Vilim, Botterud, 2014) that also consider the impact of wind forecast error on the real- demand error:
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