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Motivation Vision-Based Micro-Force Sensing Sensing Skin for Human-Robot Interaction

* Perform fundamental research related to transitioning robotics manipulation from the Goal 1 _ B _ Goals ) ) _ o
*  Develop a new class of manipulation probes for use as 3D vision-based micro-force sensors *  Develop haptic tools/skins to accurately relay micro-scale manipulation forces to the teleoperator

macro-scale to the micro-scale.

*  Capture manipulation and force data to develop new autonomous micromanipulation primitives
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Svstem Work Flow & Experimental Results
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. Develop a multi-resolution 3D vision-system to provide sub-diffraction limit tracking for sensing
in the micro-teleoperation and augmented reality system

* Spatial resolution: 10 um .
* Depth resolution: 1 um .

Spatial resolution: 5 pm
Depth resolution: 300 nm
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