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Private 2-Party Cluster Analysis: Formal Specification & Scalable Implementation

Collaborative learning allows entities to jointly deduce global ML models over their union dataset, but
privacy risks often limit entities to individually learn local models using solely their own sensitive datasets.

Classification in heath-care and security analytics suffers from this natural Accuracy Vs. Privacy dichotomy.

Cluster analysis on medical data allows discovery
of correlations that can improve health practices
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