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Using Template Models to Identify Exoskeleton User |

Taylor M. Gambon, Roopak M, Karlukar, Patrick M. Wensing, James P. Schmiedeler

University of Notre Dame, Notre Dame, IN

Motivation: Increase human-machine interface fluency of lower-body exoskeletons used to restore mobility after neuro-muscular injury

Introduction

* |dentify when user wishes to speed up or slow down using
only sensors already onboard exoskeleton (motor encoders &
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» Develop intent recognition strategy for able-bodied (AB) & 2; SLIP model gait in library
non-able-bodied (NAB) individuals with chronic spinal cord
injury (SCI)
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Broader Impacts: Intent identification methods viable for individuals with incomplete SCI & amputees with active prostheses
Greater control & maneuverability facilitate exoskeleton adoption outside of clinical setting
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